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BaCkground Methods Measuring Impact CTDataHub

Clinical Research Coordinators (CRC) play a critical role in the completion of clinical trials, To .e\./aluate CTDat&_\HUb’S impaC’F on CRCs, we asse§sed: 1) CTDataHub usage, .2) data e'ntry Bm“mfm ﬁ, ® e ° =

conducting extensive data work to support the clinical research team. The manual efficiency, 3) trustin data (data is correct to enter in sponsor EDC) assessed via a 5-point S -emkivhe i Sl T (@ e .

abstraction of data for clinical trials from a site’s various clinical systems to Likert attitudinal trust scale, and 4) satisfaction using Net Promoter Score (NPS) by -

biopharmaceutical firm’s electronic data capture (EDC) systems is labor intense, open to comparing two SHTVEES. Survey.l (S1) was sent.to. 313 CRCs prior to receiving access to e el e S e

errors and inefficient, and can risk delaying the completion of a trial. The volume of data CTDataHub to establish a baseline of current clinical systems such as CIS, EMR, CTMS. Survey T e me— T o

collected in oncology trials has an average number of 10,000 data points entered per patient. 2 (S2) was administered to 59 meaningful users of CTDataHub; those who used and viewed a o =TT T EEEE
patient data page at least 10 times between 09/01/23-10/31/23. S1 had a 72% response rate " e e
(n=225), and S2 had a 51% response rate (n=30); with all respondents of S2 completing S1. == | =T e

Archetype Behavioral usage on CTDataHub was tracked using Heap Analytics. T T

CRC Quotes

Using human-centered design thinking methodology in partnership with CRCs at MSK, we

created a web application, CTDataHub, to reduce the time and effort associated with this Resu ltS
process for clinical research coordinators (CRCs). CTDataHub extracts and consolidates AEs S Nobod : franti h We h ¢ Ie with
and conmed data from clinical systems and displays it in a user-friendly view for easy entry ° Efficiency: CTDataHub is saving CRCs time on data entry. onoay g”-/e.S .US atiention qs AP EE DS GRS RS LU ORTE Lk
into EDCs. CTDataHub was launched and rolled-out to CRCs to 313 CRCs between July - o what the clinicians and nursing do, so it's nice to be getting
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related activities, 20% noted no impact, and 10% reported increased time. The decrease in
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e e g T | . | | love the copy and paste feature and the ability to search for a
gather the information that is missing "o Datalabs EDC CTDataHub has proved to be an easier, more satisfying data entry experience relative to e J ”
T Needs e previous methods. The NPS for CTDataHub versus other clinical systems (on average 2.5 specific conmed or AE.
clinical decision.” ¢ Normalized patient information (right after visit) Shared Drive viedoc SyStemS) was 23 compa red to 4.
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accuracy. CTDataHub will be enhanced with additional data sets (site local labs, vitals, tumor
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